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Abstract

In this study, we present a novel clustering method for multi-target localization in wireless sensor networks (WSNs) when measure-
ments are not identified with their original targets. Without any knowledge on the origin of measurements, existing hybrid target local-
ization algorithms that utilize both the received signal strength (RSS) and angle of arrival (AOA) measurements are unable to estimate
the location of multiple targets. We propose multiple clustering methods based on the k-means and expectation maximization (EM) algo-
rithms to identify the origin of the measurements and, consequently, efficiently estimate the location of multiple targets by applying
a single target estimation algorithm multiple times.
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